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Introduction and Conceptual Framework
Recent public opinion research continues to find that sectors of the food supply chain, from on-
farm production to food manufacturers, are mistrusted by consumers. Research suggests the
mistrust stems from a public both far removed from the agricultural industry and saturated with
conflicting messages from a variety of sources (Kurtzo, 2016). Agricultural communicators work
against this well-cited public mistrust in food to deliver compelling scientific messages (Fischer
et al., 2020). In this landscape ripe with misperception, message deliberation becomes the
ultimate messaging goal. As issue involvement and personal relevancy increase, so does message
saliency and ultimately message effectiveness (Fischer et al., 2020; Petty et al., 1981). An
individual’s issue involvement has been found to influence message deliberation as previous
studies have found those with high agricultural involvement are attracted to and retain
information from more scientifically framed messaging because of their established interest in
the content (Fischer et al., 2020). Given the importance of this variable, the Agricultural
Involvement Scale (AIS) was developed to measure a participant’s relevancy to agriculture. The
instrument’s development draws from Laurent and Kapferer’s (1985) marketing research, which
measured consumer involvement profiles and suggested relevance should be measured on a
scale. This abstract describes the revision of the Reysen and Brancombe’s (2010) Fanship Scale
to measure involvement with the agricultural industry. The purpose of this study was to validate
an instrument to measure issue involvement related to agriculture topics.

Methods
To address the research purpose, a survey instrument was created and administered. The
participants were U.S. adults who were members of the Qualtrics pool. A total of 869 responses
were included in the analysis. Items for the survey instrument were adapted from a fanship and
fandom scale (Reysen & Branscombe, 2010), which was “a unidimensional 11-item scale to
measure degree of identification with a fan interest” (p. 176). The Fanship Scale (Reysen &
Branscombe, 2010) was adapted for use in agricultural communication studies by removing “my
interest” in each of the items and inserting “agriculture.” Participants were instructed to report
their levels of agreement or disagreement using a 7-point, Likert-type scale (1 = strongly
disagree, 7 = strongly agree). Responses from the items were combined to generate an overall
mean score of participants’ involvement in agriculture (M = 4.13, SD = 1.62).

Exploratory factor analysis (EFA) was conducted to analyze the data. The five-step protocol
developed by Williams et al. (2010) guided the EFA. Assumption tests were conducted (Bartlett,
1950; Kaiser, 1974) and principal axis factoring was implemented to extract factors (Field,
2017). Eigenvalues were used to determine the number of extracted factors (Tabachnick &
Fidell, 2011). In order to achieve a simple and interpretable structure, oblique rotation was
applied as correlations between the latent constructs were assumed (Field, 2017).

Results
An adequate sample was confirmed via a KMO measure of .94 (Kaiser, 1974), and the Bartlett’s
test of sphericity was significant y*(45) = 7978.60, p < .05. These tests confirmed the data were
appropriate for EFA (Williams et al., 2010). One construct emerged with good factor loading.
Table 1 depicts the factor loading structure matrix following the employment of the oblique
rotation method. Nine of the ten items loaded on factor one with loadings ranging from .92 to
.67, explaining 66.79% of total variance. Only one item loaded on factor two. The item loading
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for factor two was .99, and accounted for 10.15% of variance. An excellent alpha value (o =.96)
was achieved to confirm internal consistency of the instrument (George & Mallery, 2003).

Table 1
Factors and Items of Agricultural Involvement following Factor Rotation
Factor

1 2
I strongly identify with agriculture. 92
I want everyone to know I am connected to agriculture. 91
I spend a considerable amount of money on my agriculture-related interest. 90
I am emotionally connected to agriculture. .89
When agriculture is popular, I feel great. 89
I would be devastated if [ were told I could not pursue agriculture. .86
I want to be friends with people who like agriculture. 85
I have rescheduled my work to accommodate agriculture. 83
Agriculture is part of me. .67
I do not devote much energy to agriculture.* 99

Note. *Negatively coded item was reverse coded. Extraction method was Principal Component
Analysis. Rotation method was Oblimin with Kaiser Normalization.

Conclusions and Discussion
As agricultural communicators work to create messages to address this mistrust, knowing the
audience’s involvement in agriculture is key to effective message framing (Fischer et al., 2020).
The development of this instrument is a first step is at an attempt to measure a key variable in
agricultural communications research. As argued above, when those in agricultural
communications have insights to the relevancy of a topic for their audience members, more in-
depth analysis can occur and lead to better message development. Knowing the audience’s levels
of involvement with agriculture may help agricultural communicators better target and market
specific messages to certain audiences.

In social science, 50 to 60% of variance explained is reasonable (Pett et al., 2003). The
instrument presented in this abstract explained 66.79% of the total variance. Of note, one item (I
do not devote much energy to agriculture) loaded separately from factor one and accounted for
10.15% of total variance. While at least three items must load to be considered as a factor, this
finding is interesting and warrants further investigation as an emerging factor. It is suggested that
future studies create and test additional items that may contribute to explaining additional
variance via this additional factor. The multi-dimensional nature of the Fanship Scale also
explains this singular loading and provides an intriguing route for future enhancement of the
AIS. Moving forward, the instrument should continue to be utilized in studies where an
understanding of audience involvement in agriculture is needed for crafting messages, creating
communications campaigns, and to increase public and policy maker understandings of
agriculture (Enns et al., 2016). As factors associated with social, economic, environmental and
political contexts shift, the addition of new items to this instrument should be considered.
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