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Abstract 
Elementary Agricultural Education (EAE) has expanded rapidly in Georgia following recent legislative support, yet little is known about how professional influence and trust operate within this emerging teaching community. This study used social network analysis (SNA) to identify trusted opinion leaders among Georgia elementary agricultural educators and to describe the demographic characteristics of the workforce. A sociometric survey was administered during the 2024-2025 school year to EAE teachers statewide (n = 44). Trust-based professional relationships were analyzed using directed and valued network ties, with in-degree and betweenness centrality used to identify educators recognized as trusted sources of information and those occupying brokerage positions within the network. Results indicated that trust and influence were highly centralized, with a small number of educators receiving the majority of trust nominations and serving as key connectors between otherwise weakly linked peers. Many educators reported limited or no professional connections to other EAE teachers, relying instead on external supports. Findings highlight the importance of informal professional networks in shaping access to information and resources during early stages of program implementation. Implications include leveraging trusted educators as mentors and facilitators for professional development while intentionally supporting more isolated teachers to strengthen statewide EAE capacity.
Introduction
Elementary Agricultural Education (EAE) plays a critical role in fostering young students’ understanding of agriculture and its relevance to everyday life, laying an essential foundation for agricultural literacy and future engagement with food and fiber systems (Knobloch et al., 2007). Despite its documented educational value, agriculture has historically been underrepresented in elementary curricula, often positioned outside core instructional priorities. Recent legislative action in Georgia has sought to address this gap. In 2018, Governor Nathan Deal signed Georgia Senate Bill 330, establishing the Georgia Agricultural Education Act and amending the Quality Basic Education Act to introduce new program codes for elementary agricultural education (Senate Bill 330, 2018). This legislation launched EAE pilot programs across 25 Georgia elementary schools. By 2022, these pilot programs transitioned into formally recognized, ongoing programs through House Bill 1303, contributing to the steady expansion of EAE across the state (Georgia Agriculture Education, 2023; House Bill 1303, 2022).
As EAE programs continue to expand, a critical challenge lies in identifying leadership within this emerging educational space. Because formal elementary agricultural education has only recently been institutionalized, opinion leaders within the field remain largely unidentified. Traditionally, teacher expertise has often been inferred through indicators such as years of teaching experience (Palmer et al., 2001). However, experience alone provides an incomplete picture of influence, particularly within developing professional communities where informal networks play a substantial role in shaping practice. Beyond tenure-based measures, there remains no clear, empirically grounded pathway for identifying trusted leaders in elementary agricultural education.
Social network analysis (SNA) offers an appropriate methodological approach for addressing this gap. Within educational research, SNA has been increasingly used to identify influential individuals by examining patterns of relationships, information exchange, and trust within professional networks (Bamakan et al., 2019). Opinion leaders function as nodes of knowledge, disseminating information through interpersonal connections and shaping the attitudes and behaviors of their peers (Katz & Lazarsfeld, 2005). Their influence emerges not only from content expertise but also from access to information and structurally advantageous positions within social networks (Lazarsfeld et al., 1948).
By identifying opinion leaders within the EAE community, researchers can gain insight into how knowledge, resources, and support circulate across the profession, as well as where gaps in communication may exist. Network analysis provides a systematic means of uncovering these patterns by mapping relationships and interactions among educators, allowing researchers to identify key influencers, trace pathways of information flow, and better understand the structure of emerging professional communities (Borgatti et al., 2009; Moolenaar, 2012). Within the context of Georgia’s expanding elementary agricultural education system, such insights are essential for informing professional development efforts, strengthening support structures, and guiding future research and policy initiatives.
Research Purpose
The purpose of this study was to identify the most trusted sources of information for Elementary Agricultural Educators, both from within the teaching community and from external sources. By examining patterns of trust and information exchange, this study sought to identify key individuals who function as influential actors in the development and support of elementary agricultural education in Georgia. Understanding these trust-based professional networks provides insight into how information, resources, and support are accessed and disseminated within an emerging educational field.
Objective 1: Describe the demographics of elementary agricultural educators in Georgia.
Objective 2: Identify trusted Georgia elementary agricultural educators whom peers seek out for information and resources and examine their centrality within the professional trust network.
Theoretical and Conceptual Framework
Source Credibility Theory (Hovland et al., 1953) and the concept of Opinion Leaders (Lazarsfeld et al., 1948) will serve as a lens for identifying key players in EAE. Source Credibility Theory states that a message source's credibility can significantly influence a communication's persuasiveness. Trust is a crucial factor in source credibility, with individuals being more likely to accept messages from sources they perceive as trustworthy (Hovland et al., 1953). Trust can be understood as the public's confidence in the abilities of specific individuals or groups, along with the belief in their accountability for their actions (Barber, 1987; Tschannen-Moran & Hoy, 2000). In the context of interpersonal communication, relationship trust focuses on “the factors that create or destroy trust in individuals involved in a personal or work relationship” (Kini & Choobineh, 1998, p. 5). 
Opinion leaders play a critical role in social networks as they are the individuals to whom others turn for advice and information (Lazarsfeld et al., 1948). Opinion leaders often possess high levels of expertise and are trusted by their peers (Lazarsfeld et al., 1948). They play a key role in shaping the attitudes and behaviors of those in their social networks (Lazarsfeld et al., 1948). By combining Source Credibility Theory and the concept of Opinion Leadership, this study will seek to identify the key players in elementary agricultural education who possess high levels of trust and credibility among their peers. By understanding who the trusted sources of information and advice are knowledgeable, opinion leaders can be identified to assist in future EAE research.
The evolution of opinion leadership research has revealed increasingly complex mechanisms of knowledge transmission. Basera and Bhardwaj (2022) illuminated this complexity through their pioneering work on agricultural knowledge networks, demonstrating that opinion leadership transcends simple expertise. Islam and Rahman (2016) further expanded this understanding by applying social network analysis to identify climate change adaptation opinion leaders, revealing the ways expertise and social positioning intersect in knowledge dissemination. 
Central to this understanding is the concept of trust, a critical construct that serves as the foundation of effective communication. A seminal definition conceptualizes trust as the willingness of an individual to be vulnerable to the actions of another, creating a complex psychological landscape of expectation and risk (Mayer et al., 1995). Scholars have long grappled with trust's multifaceted nature, viewing it as a phenomenon where public confidence and accountability engage in a delicate dance. Trust emerges as a complex psychological phenomenon. As Rousseau et al. (1998) articulate, trust represents "a psychological state comprising the intention to accept vulnerability based upon positive expectations" (pp. 395-397). Beyond theoretical abstraction, this definition captures the human tendency to lean into potential, to suspend doubt, and to imagine constructive outcomes in unpredictability.
Technological advancements have further sophisticated our understanding of opinion leadership. Yang et al. (2022) introduced a computational approach to detecting local opinion leaders within semantic social networks. Their research unveiled how opinion leadership emerges through intricate patterns of information flow, challenging traditional linear models of knowledge transfer.
Ethnographic research provides critical contextual insights into these dynamics. Abdel-Ghany's (2012) village-level study in Egypt offered an examination of how opinion leaders function within localized social ecosystems. This research highlighted the profound ways social networks create, sustain, and transform knowledge hierarchies, revealing trust as an invisible yet powerful structural element. Sociological perspectives challenge individualistic interpretations of trust. Lewis and Weigert (1985) reimagine trust as an emergent property of social systems, a complex, adaptive network reducing societal complexity. Imagine trust as an invisible architectural structure: simultaneously robust and fluid, connecting individuals through invisible yet powerful relational threads.
The traditional understanding of opinion leaders, pioneered by Lazarsfeld et al. (1948), positioned these individuals as critical network nodes. More than mere information carriers, they were trusted peers capable of reshaping collective attitudes through refined social interactions. Empirical studies continue to unravel these complex dynamics, revealing that opinion leadership emerges through social positioning and access to relational pathways rather than expertise alone (Katz, 1957; Valente, 2012). The critical link between trust and opinion leadership becomes increasingly apparent. Trust serves not as a passive backdrop but as the primary mechanism through which influential individuals shape collective understanding (Phelps et al., 2012). Within professional networks, trusted individuals transform into knowledge brokers, their credibility functioning as the primary currency of social influence (Burt, 2004). By synthesizing Source Credibility Theory and contemporary research, this study aims to map the intricate landscape of trust and information exchange in the Elementary Agricultural Education network. The research seeks to discovery mechanisms of knowledge transmission and revealing how trust acts as an agent, transforming information into meaningful action.
Methods
To determine the ties and social relationships for Elementary Agricultural Education teachers, Social Network Analysis guided the methodological approach. SNA provides researchers with a visual representation of relationships within a network (Borgatti et al., 2009). A common application of SNA involves viewing networks as a typology of ties through analyzing connections between individuals (Borgatti et al., 2009). In this study, the relationships between social relations, interactions, and flows (resources) are analyzed in terms of who is trusted and to what level of trust each identified member of the network is (Borgatti et al., 2018). This study aims to reach beyond the bonding of individual nodes through degree centrality to identify the level of trust with each node at the dyad level (Borgatti et al., 2009; Borgatti & Ofem, 2010). 
The study aimed to analyze relationships between social relations, interactions, and resource flows, specifically examining who is trusted and the level of trust for each identified network member (Borgatti et al., 2018). By extending beyond simple node connectivity, the research sought to reach beyond bonding individual nodes through degree centrality to identify trust levels at the dyad level (Borgatti et al., 2009; Borgatti & Ofem, 2010). 
Trust levels were quantified and attached as an additional value to each node, providing a clearer understanding of network dynamics. This approach allowed for a multidimensional representation of professional relationships, moving beyond binary connection assessments to capture the qualitative depth of interpersonal trust (Borgatti et al., 2018). By incorporating trust as a measurable network attribute, a more comprehensive exploration of how trust operates in professional knowledge networks, particularly within the context of Elementary Agricultural Education. 
Social Network Analysis offers a rigorous methodological approach for examining professional interactions by conceptualizing relationships as structured patterns of ties among actors rather than isolated individual attributes (Borgatti et al., 2009). By modeling professional networks as dynamic systems, SNA captures complex relational dynamics that conventional analytic techniques often overlook, including how trust, information, and influence circulate through professional communities (Burt et al., 2013; Marin & Wellman, 2011). Unlike traditional approaches that treat interactions as linear or dyadic, SNA enables researchers to visualize and analyze multilevel patterns of communication and influence, revealing emergent structures within professional networks (Wasserman & Faust, 1994).
Within this framework, network nodes are conceptualized not merely as points of connection but as sources of relational information that reflect how individuals interact, share knowledge, and exert influence (Borgatti & Ofem, 2010). This perspective allows professional networks to be examined as adaptive systems rather than static structures, making visible the subtle flows of trust and information that shape practice but often remain hidden in conventional analyses. In the present study, SNA was applied to examine trust-based professional relationships among Elementary Agricultural Education (EAE) teachers, with relationships analyzed as directed and valued ties representing both the presence and strength of trust (Borgatti et al., 2018). By incorporating trust intensity at the dyadic level, this approach moves beyond binary representations of connectivity and enables identification of educators who are both highly trusted and structurally influential within the network (Borgatti et al., 2009; Borgatti & Ofem, 2010).
Although SNA provides powerful analytic advantages, it also presents challenges related to network completeness and respondent bias, particularly in emergent professional communities. Prior research indicates that incomplete participation can influence observed network structure and centrality estimates (Wagner et al., 2017; Wasserman & Faust, 1994), and self-reported network data may reflect perceptual limitations (Butts, 2008). Accordingly, findings from this study are interpreted within the context of a bounded and evolving professional network, emphasizing methodological transparency and analytic rigor rather than assumptions of complete coverage (Cross et al., 2002; Mouw & Verdery, 2012).
Design
Social network research typically faces a challenging paradox, while comprehensive network data collection demands substantial participant time and effort, leading to low response rates, shorter surveys can capture network characteristics just as effectively (Merluzzi & Burt, 2013). Drawing on this insight, our study adopted a streamlined approach to gather social network data while maintaining measurement accuracy. We designed our quantitative study around using a sociometric survey instrument, building on established frameworks from Kolleck et al. (2021). The survey, developed and distributed through Qualtrics, followed the Tailored Design Method (Dillman et al., 2014) to optimize participant engagement and response quality.
The survey instrument was structured in three distinct sections to capture a comprehensive view of professional relationships and participant characteristics. Section one examined relationships within the Elementary Agricultural Education teaching network, mapping formal professional connections among EAE educators. Section two explored participants' unbounded relationships, specifically focusing on trusted information sources outside the formal EAE network. These external connections could include industry experts, extension agents, or other educational professionals who contribute to teachers' professional knowledge and practice. The final section gathered demographic data. This structured approach allowed us to examine how individual teachers influence and shape their professional networks (Burt, 1984), while capturing essential sociometric data for network analysis.
For the scope of this paper, data from section one and three were used for analysis. In the first section, Q1 incorporated a name generator mechanism (Burt, 1984) through which participants identified fellow EAE teachers they contacted for advice or resources. Based on Merluzzi and Burt's (2013) findings that network associations weaken with fewer than five nominations, the instrument provided five response slots which is a number determined to be optimally cost-effective. The validity of this name-generation approach is supported by Merluzzi and Burt's (2013) research. Following Burt's (1984) recommendations, the name generator question specified both time frame of interactions (temporal framework) and type of interaction (nature of the professional interactions).
The following question, Q2 presented name interpreter items to assess trust intensity within interpersonal relationships identified in Q1 (Burt, 1984; Kolleck et al., 2021). These items utilized a 5-point Likert-type scale, ranging from strongly disagree to strongly agree, to measure participants' agreement with the statement, "When I need help with Elementary Agricultural Education, I trust this person." This approach enabled quantitative assessment of trust strength within professional relationships.
Section three gathered comprehensive demographic data. This included participants' educational background, teaching credentials (licenses, certifications, and endorsements), and professional experience. Specifically, teachers reported their total years teaching at the elementary level and their time teaching Elementary Agricultural Education. The survey also collected information about participants' age and school location.
To establish instrument validity, three professors from the Department of Agricultural Leadership, Education and Communication conducted a comprehensive evaluation. The expert panel assessed the instrument for content validity, criterion-related validity, and face validity through a systematic review process (Davis, 1992). Panel members independently evaluated each question and provided detailed feedback on item relevance, clarity, and appropriateness for the intended construct measurement.
Participants and Procedures
This study examined trust-based professional relationships among Elementary Agricultural Education teachers in Georgia during the 2024-2025 school year. Teacher contact information was obtained through Georgia Agricultural Education, a division of the Georgia Department of Education. Because EAE programs operate on a self-reporting basis and are not funded through traditional state allocations, the state does not maintain an official, comprehensive registry of elementary agricultural education programs. As a result, the sampling frame was constructed using the most current program lists available through Georgia Agricultural Education for the 2024-2025 academic year. 
Following the Tailored Design Method to maximize response rates, we distributed a Qualtrics survey via email. The survey included informed consent documentation and the research instrument. From the initial pool of 63 programs (taught by 54 teachers), 54 emails were successfully delivered. While we aimed for an 80% response rate for degree centrality analysis (Brass & Borgatti, 2019), the actual participation rate was 81.5% (n=44).
Among the 44 respondents, 21 educators identified at least one other Georgia EAE teacher as a trusted source of information and support. These participants generated the trust ties used to construct the bounded EAE teacher network and were therefore included in the social network analysis. The remaining 23 respondents indicated that they did not seek support from, or were not aware of, other EAE teachers and instead relied primarily on external sources such as extension agents, industry professionals, or non-EAE educators. While these respondents contributed demographic and contextual data, they did not generate teacher-to-teacher network ties and were not included in the sociometric network analysis. 
Analysis
Social network centrality metrics were used to identify emergent trusted leaders within the Elementary Agricultural Education professional network. Specifically, degree centrality and betweenness centrality were calculated for each node in the trust network. Degree centrality quantified the number of direct trust relationships associated with each educator. In-degree centrality was used to indicate the extent to which individuals were identified by peers as trusted sources of information, with higher in-degree scores reflecting greater levels of peer trust.
Betweenness centrality was calculated to identify educators occupying strategic brokerage positions within the network. Educators with higher betweenness centrality scores served as critical bridges between otherwise weakly connected or disconnected groups, facilitating the flow of information and social capital across the network. Social network analyses were conducted using UCINET 6.816 (Borgatti et al., 2002). Descriptive statistics for participant demographic characteristics were calculated using IBM SPSS Statistics Version 28.
Results
Objective 1: Describe the demographics of elementary agricultural educators in Georgia.
The first objective of this study was to describe the demographic characteristics of elementary agricultural educators in Georgia. Demographic, professional, and credentialing data were collected from 44 educators during the 2024-2025 school year. The majority of respondents identified as female (88.6%, n = 39), while 11.4% (n = 5) identified as male. Respondents represented a range of age groups, indicating variability in career stage among Georgia EAE educators. The largest proportion of participants were between 25 and 34 years old (34.1%, n = 15). Additional respondents were between 35 and 44 years old (22.7%, n = 10) and 45 and 54 years old (20.5%, n = 9). Smaller proportions of educators were in the 18-24 and 55-64 age ranges (each 11.4%, n = 5), demonstrating representation of both early-career and late-career educators within the sample.
Teaching experience at the elementary level varied widely across respondents (Table 1). Experience levels ranged from early-career to highly tenured educators. The largest proportion of respondents reported 1-5 years of elementary teaching experience (40.9%, n = 18), followed by those with 6-10 years (13.6%, n = 6) and 11-15 years (15.9%, n = 7) of experience. Nearly one-quarter of respondents reported 16-20 years of elementary teaching experience (22.7%, n = 10). Smaller proportions reported 21-25 years (6.8%, n = 3) or 26 years or more (2.3%, n = 1) of experience. 
Table 1
Years of Teaching Experience Among Georgia Elementary Agricultural Educators (n = 44)
	Years of Teaching Experience 
	                                                       n
	             %
	

	Year in Elementary Education
	
	
	

	     1-5 years
	17
	38.6%
	

	     6-10 years
	6
	13.6%
	

	     11-15 years
	7
	15.9%
	

	     16-20 years
	10
	22.7%
	

	     21-25 years
	3
	6.8%
	

	     26 years or more
	1
	2.3%
	

	Years in Formal EAE 
	
	
	

	     1 year
	14
	31.8%
	

	     2 years
	9
	20.5%
	

	     3 years
	9
	20.5%
	

	     4 years
	6
	13.6%
	

	     5 years
	3
	6.8%
	

	     6 years
	1
	2.3%
	

	     7 years
	2
	4.5%
	


Experience teaching formal Elementary Agricultural Education was more concentrated in the lower ranges, reflecting the relatively recent establishment and expansion of EAE programs across the state. As shown in Table 1, nearly one-third of respondents (31.8%, n = 14) reported one year of formal EAE teaching experience. An additional 20.5% (n = 9) reported two years, and 20.5% (n = 9) reported three years of EAE teaching experience. Fewer educators reported longer tenure, with 13.6% (n = 6) reporting four years, 6.8% (n = 3) reporting five years, 2.3% (n = 1) reporting six years, and 4.5% (n = 2) reporting seven years of EAE teaching experience. This distribution highlights the developmental stage of EAE implementation within Georgia’s elementary schools.
As shown in Table 2, respondents were predominantly highly educated, with 77.3% holding a master’s or specialist degree. Most were licensed in elementary education (61.4%), while relatively few held agricultural education certification (15.9%) or an EAE endorsement (38.6%), providing important context for subsequent network analyses.
Table 2
Georgia EAE Teachers’ Teaching Credentials (n=44)
	 
	         n
	               %
	

	Highest Level of Education
	
	
	

	     Associates 
	1
	2.3%
	

	     Bachelor’s 
	8
	18.2%
	

	     Master’s
	18
	40.9%
	

	     Specialist
	16
	36.4%
	

	     Other
	1
	2.3%
	

	License and Certification
	
	
	

	     Elementary Education (P-5)
	27
	61.4%
	

	     Agricultural Education (6-12)
	7
	15.9%
	

	     Both Elementary Education (P-5) & Agricultural Education (6-12)
	7
	15.9%
	

	     Other
	3
	6.8%
	

	Elementary Agricultural Education Endorsement
	
	
	

	     Yes
	17
	38.6%
	

	     No
	27
	61.3%
	


Objective 2: Identify the most trusted Georgia elementary agricultural educators that others seek out for information and resources and explaining their centrality in the network.
The second objective of this study was to identify trusted opinion leaders within the Georgia Elementary Agricultural Education professional network and describe their positions using network centrality measures. Social network analysis was conducted using data from 21 educators who identified at least one other Georgia EAE teacher as a trusted source of information and support, generating the directed trust ties used to construct the bounded network. Analysis focused on Freeman’s in-degree and betweenness centrality measures to examine patterns of trust recognition and structural influence, with in-degree representing incoming trust nominations and betweenness indicating potential brokerage roles (Borgatti et al., 2009; Wasserman & Faust, 1994). Network relationships were treated as directed ties and visualized using NetDraw in UCINET, with participant confidentiality maintained through anonymized numerical identifiers throughout analysis and visualization.
In-Degree Centrality (Trust Recognition)
In-degree centrality scores varied across the network, indicating differences in the extent to which educators were identified by peers as trusted sources of information. The educators with the highest in-degree centrality scores are presented in Table 3. E1 exhibited the highest in-degree centrality score (18), indicating that she was the most frequently identified trusted educator within the network. E43 and E47 also demonstrated high levels of trust recognition, each with in-degree centrality scores of 14. E28 followed with an in-degree score of 8, while E33 ranked fifth with an in-degree score of 6. Beyond the top-ranked educators, several participants received fewer incoming trust nominations, and multiple educators received no incoming nominations. This distribution indicates that trust recognition within the EAE network was concentrated among a limited subset of educators rather than evenly distributed across the teaching population.
Table 3
Top 5 Educators by In-Degree Centrality (Trust Recognition)
	Rank
	Educator ID
	In-Degree Centrality

	1
	E1
	18.00

	2 
	E43
	14.00

	3
	E47
	14.00

	4
	E28
	  8.00

	5
	E33
	  6.00


Note. In-degree centrality reflects the number of incoming trust nominations received by each educator 

Betweenness Centrality (Brokerage Roles)

Betweenness centrality scores were used to identify educators occupying brokerage positions within the trust network. These positions reflect the extent to which an educator connects otherwise weakly linked or disconnected educators. The top five educators by betweenness centrality are presented in Table 4. E1 demonstrated the highest betweenness centrality score (89.75), indicating a prominent brokerage role within the network. Several educators exhibited low or zero betweenness centrality, suggesting limited involvement in connecting other educators across the network. Overall, brokerage roles were concentrated among a small number of educators rather than broadly distributed.
Table 4
Top Five Educators by Betweenness Centrality (Brokerage Roles)
	Rank
	Educator ID
	Betweenness Centrality

	1
	E1
	89.75

	2 
	E43
	60.75

	3
	E51
	41.00

	4
	E28
	25.00

	5
	E3
	11.00


Network Visualization
A visual representation of the directed trust network is presented in Figure 1. Nodes represent individual elementary agricultural educators, and arrows indicate the direction of trust relationships. Node size corresponds to betweenness centrality, with larger nodes representing educators occupying more prominent brokerage positions within the network. The network was visualized using NetDraw, with rectangular nodes representing educators and arrow thickness indicating the reported strength of trust relationships, such that thicker arrows reflect stronger trust ties. Educators positioned on the left side of the sociogram are isolates, indicating participants who neither nominated nor were nominated by other educators. Because not all respondents generated network ties, the visualization reflects a bounded network rather than a complete census of Georgia EAE educators.
Figure 1
NetDraw of Georgia Elementary Agricultural Educators
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Note: Participants are indicated by their corresponding numerical identifier. Nodes are represented for all known EAE educators in Georgia. 
Discussion, Implications, and Recommendations
The findings of this study contribute to the literature on professional relationships in education by applying social network analysis to the emerging context of EAE in Georgia. Grounded in social network theory, this study provides empirical insight into how trust-based relationships structure access to information, resources, and professional support during the early stages of EAE program implementation (Borgatti et al., 2009; Wasserman & Faust, 1994).
Consistent with social network theory, trust within the EAE community was not evenly distributed across educators but was concentrated among a small number of highly central individuals. Educators with high in-degree centrality were frequently identified by peers as trusted sources of information, reflecting Katz and Lazarsfeld’s (2005) conceptualization of opinion leaders as individuals who exert influence through interpersonal relationships rather than formal authority. Similarly, educators occupying brokerage positions, as indicated by high betweenness centrality, align with Burt’s (1992) theory of structural holes, which emphasizes the importance of actors who connect otherwise disconnected individuals or groups. These findings parallel prior research in educational settings demonstrating that informal leaders and brokers often play a critical role in shaping professional learning and knowledge exchange (Daly, 2010; Moolenaar, 2012). 
The presence of peripheral or disconnected educators further reflects patterns documented in the educational social network literature. Prior studies have shown that uneven access to professional relationships can limit opportunities for collaboration, reduce exposure to new instructional practices, and constrain professional learning (Coburn et al., 2013). In the context of EAE, where many educators reported relatively limited experience teaching formal agricultural education, the absence of strong professional connections may heighten challenges associated with curriculum implementation and instructional decision-making.
From a practical perspective, these findings have important implications for professional development and program support. Research suggests that professional learning is more likely to be sustained when it is embedded within trusted relationships and existing social structures (Coburn et al., 2013; Daly et al., 2014). The identification of trusted educators within the EAE network highlights a strategically important group of individuals who already function as informal leaders, knowledge brokers, and sources of professional credibility among their peers. State agencies, universities, and partner organizations can intentionally engage these educators as mentors, facilitators, or regional leaders to anchor professional learning within established trust relationships. By leveraging these existing network structures, professional development initiatives may achieve greater legitimacy, participation, and diffusion across the EAE community without the need to construct entirely new support systems.
At the same time, the identification of network gaps draws attention to a subset of educators who may be structurally marginalized within the professional community, underscoring the need for targeted interventions to support educators who report limited or no professional connections. Structured mentoring programs, regional EAE networking opportunities, and collaborative professional development experiences may help strengthen professional ties and reduce isolation. These recommendations are consistent with research indicating that intentionally designed network interventions can improve access to social capital and support organizational learning (Daly, 2010; Moolenaar & Daly, 2012). Additionally, the development of a centralized database of EAE programs and contacts may improve communication and coordination across geographically dispersed educators.
Several limitations should be considered when interpreting these findings. Partial participation in the network portion of the survey limited the ability to construct a complete network and may have affected centrality estimates. Social network measures are sensitive to missing data and rely on self-reported perceptions of trust, which may introduce bias (Wasserman & Faust, 1994). Additionally, this study focused on educator-to-educator trust and did not fully capture the influence of external organizations or informal supports. Despite these limitations, the study demonstrates the value of social network analysis for identifying key actors and structural patterns in emerging educational contexts and provides a foundation for future research as EAE programs continue to expand.
References
Abdel-Ghany, M. M. M. (2012). Identifying opinion leaders using social network analysis: A study in an Egyptian village. Russian Journal of Agricultural and Socio-Economic Sciences, 4(4), 12–19. review. Expert Systems with Applications, 115(1), 200-222. https://doi.org/0.18551/rjoas.2012-04.02
Bamakan, S. M. H., Nurgaliev, I., & Qu, Q. (2019). Opinion leader detection: A methodological review. Expert Systems with Applications, 115(1), 200-222. https://doi.org/10.1016/j.eswa.2018.07.069
Barber, B. (1987). Trust in science. Minerva, 25(1-2), 123-134. https://doi.org/10.1007/BF01096860
Borgatti, S. P., Everett, M. G., & Freeman, L. C. (2002). Ucinet 6 for Windows: Software for social network analysis. Analytic Technologies.
Borgatti, S. P., Everett, M. G., & Johnson, J. C. (2018). Analyzing social networks. Sage.
Borgatti, S. P., Mehra, A., Brass, D. J., & Labianca, G. (2009). Network analysis in the social sciences. Science, 323(5916), 892-895. https://doi.org/10.1126/science.1165821
Borgatti, S. P., & Ofem, B. (2010). Social network theory and analysis. In A. J. Daly (Ed.), Social network theory and educational change (pp. 17-29). Harvard Education Press.
Brass, D. J., & Borgatti, S. P. (2019). Social networks at work. Routledge.
Burt, R. S. (1984). Network items and the general social survey. Social Networks, 6(4), 293-339. https://doi.org/10.1016/0378-8733(84)90007-8
Burt, R. S. (1992). Structural holes: The social structure of competition. Harvard University Press.
Burt, R. S. (2004). Structural holes and good ideas. American Journal of Sociology, 110(2), 349–399. https://doi.org/10.1086/421787
Butts, C. T. (2008). Social network analysis: A methodological introduction. Asian Journal of Social Psychology, 11(1), 13–41. https://doi.org/10.1111/j.1467-839X.2007.00241.x
Coburn, C. E., Russell, J. L., Kaufman, J. H., & Stein, M. K. (2013). Supporting sustainability: Teachers’ advice networks and ambitious instructional reform. American Journal of Education, 119(2), 137–182. https://doi.org/10.1086/667699
Cross, R., Parker, A., Prusak, L., & Borgatti, S. P. (2002). Knowing what we know: Supporting knowledge creation and sharing in social networks. Organizational Dynamics, 30(2), 100–120. https://doi.org/10.1016/S0090-2616(01)00046-8
Daly, A. J. (2010). Social network theory and educational change. Harvard Education Press.
Daly, A. J., Moolenaar, N. M., Bolívar, J. M., & Burke, P. (2014). Relationships in reform: The role of teachers’ social networks. Journal of Educational Administration, 48(3), 20-49. https://doi.org/10.1108/09578231011041062 
Davis, L. L. (1992). Instrument review: Getting the most from a panel of experts. Applied Nursing Research, 5(4), 194-197. https://doi.org/10.1016/S0897-1897(05)80008-4
Freeman, L. C. (1978). Centrality in social networks conceptual clarification. Social Networks, 1(3), 215-239. https://doi.org/10.1016/0378-8733(78)90021-7
Georgia House Bill 1303. (2022). Retrieved March 15, 2024, from https://www.legis.ga.gov/api/legislation/document/20212022/211744
Hovland, C. I., Janis, I. L., & Kelley, H. H. (1953). Communication and persuasion. Yale University Press.
Katz, E. (1957). The two-step flow of communication. Public Opinion Quarterly, 21(1), 61-78.
https://doi.org/10.1086/266687
Katz, E., & Lazarsfeld, P. F. (2005). Personal influence: The part played by people in the flow of mass communications. Transaction Publishers.
Kini, A., & Choobineh, J. (1998). Trust in electronic commerce: Definition and theoretical considerations [Paper presentation]. Proceedings of the Thirty-First Hawaii International Conference, Kohala Coast, Hawaii, United States.
Knobloch, N. A., Ball, A. L., & Allen, C. (2007). The benefits of teaching and learning about agriculture in elementary and junior high schools. Journal of Agricultural Education, 48(3), 25-36. https://doi.org/10.5032/jae.2007.03025
Kolleck, N., Schuster, J., Hartmann, U., & Gräsel, C. (2021). Teachers' professional collaboration and trust relationships: An inferential social network analysis of teacher teams. Research in Education, 111(1), 89-107. https://doi.org/10.1177/00345237211031585
Lazarsfeld, P., Berelson, B., & Gaudet, H. (1948). The people's choice (2nd ed.). Columbia University Press.
Lewis, J. D., & Weigert, A. (1985). Trust as a social reality. Social Forces, 63(4), 967–985. https://doi.org/10.1093/sf/63.4.967
Marin, A., & Wellman, B. (2011). Social network analysis: An introduction. In J. Scott & P. J. Carrington (Eds.), The SAGE handbook of social network analysis (pp. 11–25). Sage.
Mayer, R. C., Davis, J. H., & Schoorman, F. D. (1995). An integrative model of organizational trust. Academy of Management Review, 20(3), 709–734. https://doi.org/10.5465/amr.1995.9508080335
Merluzzi, J., & Burt, R. S. (2013). How many names are enough? Identifying network effects with the least set of listed contacts. Social Networks, 35(3), 331-337. https://doi.org/10.1016/j.socnet.2013.03.004
Moolenaar, N. M., & Daly, A. J. (2012). Social networks in education: Exploring the social side of the reform equation. American Journal of Education, 119(1), 1–26. https://doi.org/10.1086/667762 
Mouw, T., & Verdery, A. M. (2012). Network sampling with memory: A proposal for more efficient sampling from social networks. Sociological Methodology, 42(1), 206-256. https://doi.org/10.1177/0081175012461248
Palmer, D., Stough, L., Burdenski, T., & Gonzales, M. (2001). Identifying teacher expertise: An examination of researchers' decision-making. Educational Psychologist, 40(1), 13-25. https://doi.org/10.1207/s15326985ep4001_2
Rousseau, D. M., Sitkin, S. B., Burt, R. S., & Camerer, C. (1998). Not so different after all: A cross-discipline view of trust. Academy of Management Review, 23(3), 393–404. https://doi.org/10.5465/amr.1998.926617
Tschannen-Moran, M., & Hoy, W. K. (2000). A multidisciplinary analysis of the nature, meaning, and measurement of trust. Review of Educational Research, 70(4), 547-593. https://doi.org/10.3102/00346543070004547
Wasserman, S., & Faust, K. (1994). Social network analysis: Methods and applications. Cambridge University Press.
Valente, T. W. (2012). Network interventions. Science, 337(6090), 49–53. https://doi.org/10.1126/science.1217330





2

image1.png




